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n What compounds in the stomach protect against -
ingested pathogens? N e u r a I

Immune System | Wikipedia

Chemical barriers also protect against infection. The skin and ! Ran ker
respiratory tract secrete antimicrobial peptides such as the B-

defensins. [...] In the stomach, gastric acid serves as a chemical

defense against ingested pathogens.
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Why isn't this a syntax error in python? | Stack Overflow

Noticed a line in our codebase today which | thought surely would have
failed the build with syntax error. [...] Whitespace is sometimes not
required in the conditional expression *1if True else 0

hitps:/istackoverflow.com/questions/23998026
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