What are Good Loss Functions?
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Color Constancy




Toy Example

4,1/4)

(

Cross section
at

Cross section
at (1,1}

——

Aupgeqoud Joudisod

gl

0
perpendicu
distance from ridge




MAP Loss Function

(a) MAP loss function

(d) {minus) MAP expected loss



Quadratic Loss Function
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(b) MMSE loss function

(e} (minus) MMSE expected loss



| ocal Mass Loss Function

(¢} MLM loss function

(f} (minus) MLM expected loss



Modeling Human Decisions

A B C

Decision theory

Very low Motor errors
uncertainty

World knowledge:
how probable is each
outcome as a function

of the decision?

Op'tir.nal
decisions

Cost function: how
good or bad is each __
potential decision
outcome?

Koerding, Science Magazine, Oct. 2007
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